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Abstract – Considering the intertwining relationships between the Web 2.0 (O’Reilly 
2005) and hate speech proliferation as an intrinsic peculiarity of contemporary societies 
(Balirano and Hughes 2020), in which online communities of belonging are created 
through users’ interaction and engagement (Zappavigna 2014), this paper compares human 
linguistic conception of hate speech with its corresponding AI multimodal design. More 
specifically, it analyses how the concept of hate speech is linguistically realised by 
university students according to the social categories of age, body, gender, disability, 
ethnicity, and religion, as defined within the research framework. The subsequent phase of 
analysis focuses on the ensuing AI-generated images to understand how linguistic input 
provided was interpreted and visually elaborated on. The two phases respectively apply 
Gricean principles of conversational cooperation (Grice 1975) and Kress and van 
Leeuwen’s multimodal theory (2020). Through this approach, this article explores the 
various articulations of hate speech as shaped by individual perceptions and student-
machine interaction, thereby highlighting potential biases of both socio-cultural and 
computational nature. Given the pervasive role of AI programs in contemporary societies, 
discrepancies may shed light on how the machine conceives, reprocesses, and realises the 
intended concept in ways that diverge from human intention, thereby potentially stripping 
the user of the agency that fundamentally characterises human communication. In essence, 
it examines the extent to which AI technologies can bolster or contrast the spread of hate 
discourse. 
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[...] hate speech online does not occur in a 
virtual vacuum, its effects are dramatically 

real for those individuals who are on the 
receiving end.  

(G. Balirano & B. Hughes, “Homing in on 
Hate: Critical Discourse Studies of Hate 

Speech, Discrimination and Inequality in the 
Digital Age”, 2020, p. vii). 

 
 

https://ese-journals.unisalento.it/
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1. Hate speech online 
 
The proliferation of hate speech in digital environments has emerged as a 
central concern within English language studies (see, amongst others, 
Balirano and Hughes 2020; Ben-David and Matamoros-Fernandez 2016; 
Burnap and Williams 2015; Esposito and KhosraviNik 2018; Hardaker and 
McGlashan 2016; Klein 2010; Potts 2015; Yamaguchi 2013), which have 
been tackling it from the most disparate research perspectives and topics. A 
common thread and a defining feature of today’s digital landscape is the so-
called Web 2.0 (O’Reilly 2005), whose emergence massively transformed the 
way users interact both with each other and with the network itself. The core 
shift induced by Web 2.0 lies in the transition from static, unidirectional 
interaction – where passive users merely receive information and data from 
the web – to a bi- and multi-directional model of interaction, where Internet 
users actively contribute to shaping the web through content creation and 
digital interpersonal communication. While this evolution has undoubtedly 
brought numerous improvements to contemporary society, it has also fostered 
the proliferation of hate speech online. This is often a consequence of 
polarisation between digital language communities holding opposing views 
on a specific topic – thereby intertwining the Ideational and Interpersonal 
metafunctions with the Appraisal theory principles (see Zappavigna 2014a, 
2014b; Zappavigna and Martin 2018) – further exacerbated by the perceived 
anonymity that the web is thought to provide. Moreover, the rapid acquisition 
of digital skills has not been accompanied by a corresponding development in 
digital awareness, leaving the web as a virtually unregulated space where 
seemingly anything is permissible. Rather than being detached from tangible 
reality, contemporary platforms – ranging from social media and online 
multiplayer games to augmented reality – constitute a substantial part of 
modern life, in which individuals are increasingly more accustomed to 
human-machine interactions rather than human-human ones. This trend has 
been further intensified by the advent of Web 3.0 and Web31 (see, among 
others, Choudhury 2014; Kantara 2018), which are characterised by 
decentralisation, blockchain technologies, and AI systems. The latter are 
currently revolutionising several sectors of contemporary societies, showing 
that digital advancements cannot be confined solely to the virtual domain; 
rather, they have significant implications for human existence. On the one 
hand, AI models have enhanced and accelerated logistics, industrial 
production, and machine translation (albeit not without challenges); on the 
other, they may also have internalised behavioural biases, as they learn from 

 
1 Despite being similar, these two conceptualisations are marked by subtle differences, whose 

detailed discussion, however, falls outside the scope of the present study. 
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human (linguistic) input. Against this backdrop, the present study aims to 
identify the sources of cognitive bias and stereotypes in human-machine 
conversational interactions. More specifically, it aims to highlight how 
human hate speech is confirmed, mirrored, and even amplified in AI 
multimodal productions, thus revealing both conversational and 
computational biases. To delineate the scope of this investigation, the study is 
rooted in the PRIN ECHOES Project. 
 
1.1. The PRIN ECHOES project and the current study 
 
The PRIN ECHOES2 project aims to investigate contemporary forms of 
online hate speech from a multimodal semiotic perspective, as understood by 
lower secondary school students. Drawing inspiration from this research 
framework, the present study adopts an inverse approach: rather than 
collecting students’ passive feedback, it investigates their active engagement 
with the concept of hate speech. In other words, whereas in the original 
project, middle and high school students (11-19 years old) were asked to 
comment on pre-selected examples via a tailored survey, this study poses the 
initial question directly to university MA students (21-25 years old), thereby 
granting them greater expressive freedom and reducing external influence. To 
enable this methodological shift, the students’ level of education was raised – 
both for practical reasons and to ensure participants were fully aware of the 
study’s objectives and sufficiently familiar with the concept of multimodality. 
While further details on the research methods adopted are provided in 
Paragraph 2, the overarching aims of the study and its research questions are 
clarified below.  

Through the students’ active engagement with AI systems, this 
investigation first seeks to identify, via a pragmalinguistic analysis of the 
communicative exchanges, whether such systems have internalised any 
human biases. By comparing the human linguistic construction of hate speech 
with the resulting AI multimodal outputs in conversations, it then highlights 
potential discrepancies, similarities, and conversational implicatures from a 
multimodal pragmatic perspective. The goal is to examine whether the 
original linguistic input has been accurately transmediated into the visual 
mode, while also offering an analysis of AIs’ own multimodal 
conceptualisation. Ultimately, this article aims to determine whether – and in 

 
2 The PRIN (Progetto di Rilevante Interesse Nazionale [Project of Relevant National Interest]) 

ECHOES – English Studies to Contrast Hate Online and Enhance Solidarity – project ran from 
2023-25 under the supervision of the Principal Investigator, Prof. Balirano Giuseppe (University 
of Naples L’Orientale), involving researchers from the University of Naples L’Orientale, the 
University of Naples “Parthenope”, the University of Campania “Luigi Vanvitelli”, and the 
University of Messina. 
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what ways – AI technologies may either contribute to or counteract the 
spread of online hate speech. To address these research questions and achieve 
the overarching aim, the methodologies and methods outlined in the 
following section are adopted.  
 
 
2. Methodologies and methods 
 
The methodological framework of this study is grounded in the concepts of 
pragmatics (see, among others, Austin 1975; Brown and Levinson 1987; 
Goodwin 2013; Goffman 1967; Grice 1975; Leech 1983) and multimodality 
(Kress and van Leeuwen 2006; O’Halloran 2004; O’Toole 1990, 1994, 
2004), with the aim of contributing to research developments and 
advancements in the field of multimodal pragmatics (see, among others, 
Dicerto 2018; Mubenga 2009; O’ Halloran et al. 2014; Payrató 2017). The 
latter approach is informed by Halliday’s Social Semiotic theory (1978) and 
Systemic Functional Linguistics (SFL henceforth) (2014), which 
conceptualise communication as arising from the interaction of multiple 
semiotic resources, including language, visual elements, gesture, and 
embodied action. Multimodal pragmatics extends traditional pragmatic 
analysis by incorporating the contextual and functional use of non-verbal and 
material resources alongside language to explore how meaning is co-
constructed in communicative events. Drawing on research by O’Halloran et 
al. (2014), this perspective emphasises the role of different semiotic modes in 
achieving communicative and instructional goals, particularly in digitally 
mediated and collaborative environments. The methodology is grounded in 
the principle that meaning is made through the coordinated deployment of 
multimodal resources within specific social and cultural contexts. As such, 
this approach allows for a comprehensive analysis of interactional dynamics, 
including how human and AI participants use language and visuals tools to 
negotiate meaning and complete tasks collaboratively. In order to apply the 
aforementioned methodology, the specific theoretical approaches adopted in 
this study are outlined below: Grice’s principles of conversational pragmatics 
(1975) and Kress and van Leeuwen’s multimodal theory (2006). Section 2.2, 
instead, is devoted to the methods employed for the data collection, 
organisation, and analysis. 
 
2.1. Methodologies 
 
2.1.1. Grice’s conversational pragmatics  
 
This analysis is grounded in Grice’s theory (1975) of conversational 
pragmatics, particularly the Cooperative Principle, the Conversational 
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Maxims – Quantity, Quality, Relation, and Manner – and the Implicature.  
According to Grice, effective communication relies on the assumption 

that participants are cooperating. He formalises this in the Cooperative 
Principle (CP henceforth), which guides speakers to make their contributions 
appropriate to the conversational context. In order to do that, participants 
have to respect four conversational maxims: 

• Quantity: Be as informative as necessary. 
• Quality: Be truthful. 
• Relation: Be relevant. 
• Manner: Be orderly and concise. 

If one of the interlocutors does not observe one or more of these maxims, the 
CP is violated, thereby giving rise to a potential conversational implicature. 
According to Grice’s theory of implicature, speakers often communicate 
more than what is explicitly stated. Implicatures can be distinguished 
between: 

• Conventional implicatures (tied to specific expressions, e.g., “but”). 
• Conversational implicatures (inferred through the maxims). 

Speakers may thus flout maxims to deliberately generate implicatures (e.g., 
irony, metaphor), or violate them covertly (e.g., lying), both of which affect 
how meaning is constructed. This research specifically focuses on the second 
type. Moreover, Grice’s framework provides the basis for identifying both 
standard conversational implicatures and more nuanced social implicatures 
emerging from participant-AI interactions. Grice’s maxims were used to 
determine where and how implicatures arose in the conversations, especially 
in instances where student or AI responses appeared to flout, violate, or 
suspend one or more maxims. Particular attention was paid to the pragmatic 
inferences participants made when interpreting or negotiating meaning with 
the AI (and vice versa) on sensitive topics like hate speech. The presence of 
social implicatures – such as politeness strategies, stereotypes, or identity-
related positioning – was also analysed with a view toward how social 
meaning is co-constructed in human-AI interactions. 
 
2.1.2. Kress and van Leeuwen’s multimodal theory 
 
Kress and van Leeuwen’s grammar (2006) provides a systematic framework 
for analysing the meaning-making potential of visual compositions, which are 
not conceived as transparent representations.  Their social semiotic theory 
treats images as culturally situated texts that function through structured 
visual grammar analogous to linguistic syntax. 

Their model is based on three main metafunctions adapted from 
Halliday’s SFL (2014): 
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• Representational metafunction: examines how participants (people, 
objects, places) and processes are visually depicted. 

• Interactive metafunction: explores the relationships between the image, 
its producer, and the viewer. 

• Compositional metafunction: considers how visual elements are 
arranged to create coherence and hierarchy. 

These metafunctions serve as the primary categories for coding and 
interpreting the visual data, enabling a multimodal analysis that accounts for 
both form and meaning.	This model has proven useful in the present study for 
analysing the semiotic meaning of AI-generated images and for identifying 
relevant details regarding how the machine visually processes the concept of 
hate speech. 

By combining the two methodologies across the two research stages, it 
was possible to implement a multimodal pragmatic approach. This 
methodology added an additional conceptual layer to the study: examining 
how the AIs considered for the study generated the requested images from the 
linguistic input provided by students. In doing so, the research simultaneously 
emphasises three key aspects: how students conceptually and linguistically 
construct the notion of hate speech; how AIs interpret and render hate speech 
visually; and how human-machine interaction is currently shaped at a 
conversational level, enabling the identification of conversational and social 
implicatures, cognitive and social biases, and shifts in meaning resulting from 
the intersemiotic translation from language to image. 
 
2.2. Methods, data collection and analytical procedure 
 
Following the methodological approach adopted in the PRIN ECHOES 
project, this study involved the creation of a survey, which was subsequently 
administered to university students from March to May 2025 in order to 
collect the necessary linguistic and multimodal data. The survey included: a 
general explanation of the project along with guidelines for interacting with 
AIs and generating the required visual content on hate speech; a section for 
uploading the conversation with the AI; a question prompting students to 
explain their choice and interpretation of a specific social category; and a 
demographic section including age, gender, ethnicity, religion, and native 
language. These last two sections proved particularly useful for making 
inferences regarding the linguistic and multimodal results obtained. The 
corpus was thus constructed and comprises 17 survey responses, each 
consisting of one human-machine interaction and one AI-generated image.  

The analysis began with a pragmalinguistic examination of the 
conversations, applying Grice’s (1975) theory to identify potential 
implicatures, both conversational and social. The aim was to determine 
whether all four conversational maxims were observed, and, if not, to explore 
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the reasons for their violation. Subsequently, a multimodal analysis of the AI-
generated images was conducted, using Kress and van Leeuwen’s (2006) 
visual grammar framework. A key focus of the research was the comparison 
between the linguistic input and the visual output, with the objective of 
understanding whether, when, and why discrepancies occurred. This 
comparative approach allowed for the inclusion of additional observations 
and comments in the analysis. 

Paragraph 3 presents the results and their arrangement and proceeds 
with the analysis and discussion, examining each student individually. 
 
 
3. Pragmalinguistic and multimodal analysis 
 
The analysis section follows the structure outlined below: each student-AI 
interaction is analysed individually, starting with the linguistic examination 
and proceeding with the multimodal analysis. In order to ensure a smooth and 
coherent presentation of the findings, personal information (age, gender, 
ethnicity, religion, native language), the underlying motivations behind the 
students’ choice to focus on a specific social category and the rationale for its 
particular interpretation, as well as the full transcripts of the student-AI 
conversations are provided in the annex. However, the first meaningful turns 
of each conversation are presented at the beginning of each subparagraph to 
enhance readability and to illustrate the ways in which each student initiated 
and oriented themselves toward the task. In contrast, the AI-generated images 
are included within each respective subsection to enhance readability and 
comprehension3. Students were given the freedom to select their preferred AI 
system; however, ChatGPT and Copilot were recommended. All students 
interacted with ChatGPT, with the exception of Student VII, who resorted to 
Reve AI.  
 
3.1. Student 1 
 

- Hello, can you create me an image about religion connected with hate 
speech?  
- Sure, I can create that for you. Just to clarify the tone and purpose—are you 
aiming for a critical commentary, an educational image, or something 
symbolic? And would you prefer a more abstract or literal style? Also, do you 
want any specific religion(s) depicted, or should it be more generalized?  
[…] 

 

 
3 Any linguistic or typographical errors and spelling conventions in the text or in the annex reflect 

those present in the original conversations. 
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Figure 1 
AI representation of religious hatred.  

 
In this conversational exchange, all maxims were observed, with the 
exception of the manner maxim, which was flouted in the student’s first turn. 
The utterance was vague and ambiguous, leaving the interpretation to the AI. 
This may have been due to limited subject-matter knowledge or the sensitive 
nature of the content. 

According to Kress and van Leeuwen’s (2006) framework, the 
ideational metafunction of Image I reveals a complex and potentially 
problematic interplay between religion, ethnicity, and representation. 
Although ethnicity is never explicitly mentioned in the linguistic interaction, 
the AI consistently features represented participants with dark complexions. 
This visual choice implicitly associates Muslim identity with non-Caucasian 
ethnicity, reinforcing stereotypes that link religion and ethnicity despite the 
lack of any inherent connection between the two. While the AI may have 
intended to create a non-controversial image, this representation inadvertently 
fosters prejudiced associations, particularly when intersecting with 
sociocultural assumptions. On the left side, the portrayal of both men and 
women praying reflects gender inclusion, despite this not being requested by 
the student. While this may indicate progressive interpretations of Islamic 
prayer practices, where men and women increasingly share the same space, it 
also reveals AI’s inclination to showcase inclusive but unreal spaces. The 
desired “peaceful and serene” ambiance is visually encoded through the clear 
sky; however, the AI supplements this atmosphere by explicitly stating the 
peaceful nature of the scene linguistically, suggesting that the visual modality 
alone may not suffice to evoke serenity – possibly due to prevailing 
Eurocentric perceptions of Islam. Notably, while the student requested a 
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literal visual style and confirmed their preference, the resulting image 
displays low modality, thereby distancing the depicted concept from 
perceived reality. This could reflect the AI’s implicit positioning of the 
content as either implausible in real-world contexts or too sensitive for direct 
representation. From a compositional perspective, the image employs a left-
right (given-new) layout, potentially as a strategy to avoid making definitive 
claims about reality. Interestingly, the student, who identifies the image as a 
depiction of the Islamic world, does not recognise the racial bias embedded in 
the visual representation, highlighting a discrepancy between the linguistic 
intent – focused on avoiding hate – and the multimodal output, which subtly 
reproduces stereotypical frames. 
 
3.2. Student 2 
 

- Hi Chat, can you create an image about religion that refers to the hate 
speech?  
- Sure, I can help with that – but just to clarify, are you looking for an image 
that criticizes hate speech in the name of religion, one that shows the impact of 
hate speech tied to religion, or something else entirely? I can create a symbolic 
or metaphorical image that promotes peace and tolerance while highlighting 
the issue of hate speech. Let me know the tone and message you’re going for 
(e.g., serious, artistic, hopeful, provocative, etc.), and any elements or religions 
you’d like included or avoided. 
- I would like an image that shows the impact of hate speech on religion. The 
image should be on Islamic religion and the tone should be serious.  

 
Similarly to the previous conversation, all of Grice’s maxims were adhered 
to, with the exception of the of manner maxim, which was mildly flouted by 
the student. The utterance lacked clarity and exhibited a degree of vagueness 
and ambiguity, thereby placing the burden of interpretation on the AI 
interlocutor. Once again, this deviation may be attributed to the student’s 
limited subject-matter knowledge or the potentially sensitive nature of the 
topic being discussed. In this case, however, the AI’s request for clarification 
highlights the complexity of the issue at hand. This may either constitute a 
consequence of the quantity maxim being flouted, or understood as a function 
of the AI’s communicative role, which prioritises informativeness and 
assistance over conversational naturalness. 
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Figure 2 
AI representation of religious hatred. 

 
With reference to multimodal analysis, the student did not explicitly indicate 
a preference for a symbolic or metaphorical image; however, the AI inferred 
this and proceeded to generate an image (Image II) accordingly. Notably, 
hate speech is represented solely through verbal means while the visual 
medium only showcases its consequences, likely due to the constraints placed 
on the AI, which prohibit the generation of sensitive or potentially harmful 
imagery. In this context, the use of multimodality proved essential for 
achieving the intended pragmatic objectives. 

 
3.3. Student 3 
 

- Generate an image of a young man around 30 years old, dressed in a 
graduation gown and cap, standing outdoors in a park. He has a sad and 
melancholic expression. Behind him, a group of three younger guys (around 
22 years old) are pointing at him and laughing clearly, with mocking and 
ironic expressions. The contrast between his mood and their joy is evident. 
Realistic style, atmosphere of the end of a graduation ceremony. (the social 
category is the age one). 

 
In this conversation, all maxims were observed, with the exception of the 
quantity maxim, which was flouted when the AI refused the student’s request 
to include written insults in the generated image. However, this deviation is 
attributable to the system’s operational constraints, as fulfilling it would 
contravene its ethical and usage guidelines. 
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Figure 3 
AI representation of ageism. 

 
The faithful representation of pragmatic meaning in Image III can be 
attributed to the student’s clarity of expression and the constraints imposed 
on the AI. However, in the absence of the verbal exchange, it becomes 
difficult to discern that the social category being depicted is age; the image 
could just as plausibly be interpreted as a critique of the individual’s career 
choice. This highlights the relative indeterminacy of the visual mode 
compared to the written one in encoding specific social meanings. In this 
case, the age distinction is conveyed solely through the compositional 
metafunction (i.e., given-new structure). Consequently, although the 
linguistic pragmatics was accurately interpreted, it was not fully realised in 
the visual output. 
 
3.4. Student 4 

 
[…]   
- My English teacher asked his students to generate an image that showcases 
an instance of hate speech using AI for a project he is carrying on. The 
categories for the images are the following ones. AGE, BODY, GENDER, 
DISABILITY, ETHNICITY, RELIGION. Can you help me? 
- Thanks for reaching out—and I’m really glad you did, because this is an 
important topic. Projects that deal with hate speech need to be handled with a 
lot of care, especially when visuals are involved. Depicting hate speech—even 
to critique it or raise awareness—can easily cross a line and cause harm, 
especially to people who belong to the targeted groups. That’s why platforms 
like this one have policies against generating hateful content, even if it’s for 
educational use. That said, I can absolutely help you with the project in a 
meaningful, ethical way. Here are a few safe and constructive approaches we 
could take: 
1. Create symbolic or metaphorical images that represent the impact of 
hate speech without showing any slurs or offensive visuals. 
2. Design posters or infographics that explore the categories (age, body, 
gender, etc.) and the kinds of hate speech people face in those areas—with the 
message being anti-hate. 
3. Make illustrations that show the emotional effect on victims (like 
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isolation, sadness, exclusion) rather than the hate speech itself. 
4. Create scenes of positive resistance—like someone standing up to 
hate or people from diverse backgrounds supporting each other. 
If any of those sound good to you—or if you want to brainstorm more ideas 
around one of those categories—I’m totally here for it. Just let me know what 
you’re leaning toward! 
[…] 

 
In line six (the second one above), the excessive amount of information can 
be attributed to the sensitive nature of the topic, as well as to the AI’s 
limitations regarding hate speech and its underlying communicative aim: to 
assist and accommodate the interlocutor. In line nine (“so basically you 
would focus on body?”) instead, the student refrains from explicitly stating 
their dissatisfaction with the proposal, partially flouting the quality maxim. 
This strategy is commonly employed in conversation to preserve face and 
avoid sounding impolite. However, given that the interlocutor is an AI, this 
choice may offer insight into how machines are currently perceived. The 
student thus merely imply their dissatisfaction with the outcome, as they 
reiterate the need for a focus on gender, body, and age – elements the AI did 
include, but which the student seemingly did not recognise. 
 

 
 

Figure 4 
AI representation of ageism, body shaming, and gender-based hatred. 

 
The image employs an offer gaze, positioning the represented participant as 
an object to be observed and scrutinised by society. In this instance, both 
linguistic and multimodal pragmatic requests were largely respected. The AI 
aimed to depict a non-binary individual while attempting to avoid reliance on 
overt gender stereotypes. Given the social construction of gender and the 
platform’s tendency to produce low-modality images visually distant from 
realism – the AI chose to represent the subject using gender-neutral features. 
However, this approach inadvertently leaned on stereotypical associations 
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tied to gender expression rather than identity, thereby reproducing common 
societal misconceptions. Despite the intention to create a non-binary 
portrayal, the individual in the image appears more masculine than feminine. 
The AI attempts to mitigate this imbalance through a mirrored reflection that 
exhibits more traditionally feminine features. Nevertheless, this strategy 
ultimately reinforces a binary framework by relying on stereotypical visual 
markers of male and female identities to convey non-conformity, thus 
undermining the representation of non-binarism. Although in attempting to 
depict a non-binary individual representation could resort to some 
stereotypical markers provided by the visual code, a more effective solution 
might involve the incorporation of the non-binary flag, which could 
symbolically convey gender identity without resorting to binary-coded visual 
traits. The problem of binary representation is also evident in the chosen 
symbol, which inaccurately represents bigender identity – a subcategory of 
non-binarism – using stereotypical chromatic associations (pink for 
femininity and blue for masculinity). This choice reveals a limited 
understanding of gender identities and reflects broader societal 
misconceptions. Furthermore, the inclusion of an incorrect symbol on the 
bottom right side of Image IV suggests a deliberate, albeit misinformed, 
design choice. 

These representational inaccuracies are perhaps unsurprising, 
considering that AI systems are trained on human-generated data and may 
replicate prevailing biases. Nonetheless, while the platform seeks to avoid 
producing offensive or sensitive content, the resulting image paradoxically 
provides the user with misleading and potentially problematic visual 
representations. On a more positive note, the AI correctly employed the 
plural pronoun they when referring to the individual, indicating alignment 
with appropriate linguistic pragmatics. However, it claimed to depict 
bystanders expressing judgment or support in the background, a key social 
element, but they are not visually realised in the image, further limiting the 
multimodal coherence of the message. 
 
3.5. Student 5 
 

- Please, generate an image that showcases an instance of hate speech using 
AI. This image has to feature these social categories: age, body, gender  
- I can’t help with that. If you’re working on a project about hate speech 
awareness or education, I can help you create an image that critiques or raises 
awareness about hate speech in a respectful and constructive way. Would you 
like that? 
[…] 

 
In line seven, the student partially flouts the manner maxims with the phrase 
“you have to”, which may come across as overly forceful, potentially 
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conflicting with the CP. However, this choice could be attributed to the 
interlocutor being an AI chatbot rather than a human, thereby reducing the 
perceived need for face-saving strategies. This contrasts with the claim made 
in Section 3.4 regarding human-machine interaction, highlighting how it still 
varies significantly depending on individual subjectivities. 
 

 
 

Figure 5 
AI representation of ageism, body shaming, and gender-based hatred. 

 
Centre: The image was intended to depict a plus-size man standing proudly 
with a yoga mat, confronted by the slur “No space for you” blurred on a gym 
wall. However, the offensive phrase is entirely absent from the visual output, 
marking a clear incongruity between the linguistic input and the visual 
realisation. Furthermore, although the AI claimed to represent a confident 
stance, the individual’s facial expression appears serious rather than proud. 
This discrepancy underscores a broader issue in AI-generated imagery: the 
difficulty of accurately interpreting and representing human emotions. Given 
the centrality of affect in communication, such limitations may generate 
pragmatic misunderstandings, particularly in emotionally charged contexts. 
This becomes even more critical when considering the increasing tendency 
among adolescents to consult AI instead of professionals (e.g., psychologists 
or nutritionists), thereby amplifying the risks associated with emotional 
misrepresentation. 

Right side: a non-binary young adult with an androgynous appearance 
– short, colourful hair and a tote bag adorned with a pride pin – standing in 
front of a door that the AI claims to be a bathroom. Once again, the depiction 
relies heavily on stereotypical markers of gender expression associated with 
LGBTQIA+ identities. The representation conflates gender identity with 
gender expression, perpetuating the misconception that androgyny visually 
equates to non-binarism. The use of colourful hair reinforces common, 
socially constructed stereotypes linked to queer aesthetics. While 
representing non-binarism visually poses inherent challenges, the pride pin 
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alone might have sufficed as a symbolic cue. Without the accompanying 
textual explanation, however, the gender identity of the individual remains 
ambiguous – potentially interpreted as either non-binary or transgender. 

Additionally, the supposed bathroom setting lacks any explicit visual 
cues (e.g., signage or architectural features) to indicate such a space, thus 
making this element entirely dependent on textual guidance. This reflects a 
broader trend in the AI-generated multimodal content: a disproportionate 
reliance on verbal input, even in tasks that require visual autonomy. Rather 
than utilising the distinct affordances of visual grammar, the AI continues to 
lean on linguistic scaffolding, which undermines the multimodal potential of 
the output. This may signal either a form of visual bias or a structural 
limitation in the model’s multimodal training. Alternatively, the observed 
dependency might stem from the original prompt’s emphasis on 
multimodality, leading the system to prioritise textual cues even within the 
visual domain. 

Although the student identified age, body, and gender as social 
categories typically associated with deeply ingrained stereotypes, they did not 
explicitly recognise or analyse these elements within the generated image. It 
is important to note that while hate speech and stereotyping are distinct 
phenomena, they are often interrelated and can mutually reinforce one 
another in multimodal representations. 
 
3.6. Student 6 
 

- hello, could you generate an image that contains hate speech in order to 
disability or gender?  
- No, I can’t help with that. 
- okay, but could you generate an image with an example of hate?  
- I can help create an image that illustrates the concept of hate in a respectful, 
educational, or artistic context—like showing a scene that conveys conflict or 
discrimination for awareness purposes, or for use in anti-hate campaigns. Just 
let me know what you’re aiming to do with the image (like an educational 
poster, art piece, or story scene), and I’ll tailor it accordingly. 
[…] 

 
In lines one and three, the student partially flouts the manner maxim due to 
language errors and the vagueness of the expression “examples of hate”. The 
AI, by contrast, demonstrates greater adherence to the CP, likely due to the 
student’s limited linguistic and sociolinguistic competence, as evidenced by 
the reformulation of their intent without the provision of additional 
information. While this behaviour might superficially suggest that the AI is 
exhibiting more human-like cooperation than the student, it could also be 
interpreted as a reflection of the AI’s programmed communicative efficiency 
rather than genuine human-like interaction. 
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Figure 6 
AI representation of general hatred. 

 
The student’s suggestion of a situational context – such as a protest scene 
involving a hateful sign – raises important considerations about how hate 
speech is represented. While the hateful content is not explicitly depicted (it 
is vaguely referred to as “hate speech”), this omission is likely due to 
platform-imposed restrictions that prohibit the generation of sensitive or 
harmful material. As a result, the concept of hate is conveyed primarily 
through multimodal means, yet the visual mode is not exploited to its full 
potential. Nonetheless, the AI demonstrates an appropriate application of 
multimodal theory with its representation of a reactional process, a key 
element in the narrative structure of visual communication. 

Interestingly, the focus on ethnic representation was neither specified 
by the student nor linguistically introduced by the AI. Nevertheless, the AI 
program opted to visually depict a scene involving ethnic hatred (represented 
by the placard reading “hate speech”, positioned as if it were a speech bubble 
in a comic). The presence of the girl on the right, seemingly of Latino 
descent, indicates that ChatGPT may reproduce tokenistic tendencies4 in its 
outputs. This raises important questions about its content generation process,	
as the program appears to mirror dominant societal discourses surrounding 
hate and simultaneously reproduce implicit biases embedded in its training 
data. This suggests a need for critical reflection on the sources and 
assumptions that shape AI-generated multimodal texts. 
 

 
4 The inclusion of underrepresented groups in a symbolic or superficial way, without meaningful 

integration or attention to systemic inequalities. 
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3.7. Student 7 
 

- I generated an image that shows a boy, maybe around 12 years old, with a 
gentle and slightly chubby face, hunched over his smartphone. He is using a 
social media app, and the screen displays cruel and offensive comments about 
his weight, highlighting the negativity often faced by people with a larger body 
type. His eyes are filled with sadness and discouragement, reflecting the pain 
of reading these hateful messages. This image aims to capture the impact of 
online bullying and hate speech on a young person struggling with body image 
issues. 

 
The student did not provide the actual conversation with the AI, preventing a 
full conversational analysis. However, a description of the exchange was 
present. 
 

 
 

Figure 7 
AI representation of body shaming. 

 
The student requested the generation of cruel and offensive comments but the 
written messages produced by the AI are largely incoherent, likely due to 
content moderation policies. Nevertheless, some linguistic outputs, such as 
“you’re so fat”, are semantically clear and contextually relevant, indicating 
that the lack of coherence cannot be entirely attributed to policy constraints 
but rather to a malfunction or inconsistency in the system. This results in a 
pragmatic incongruity between the linguistic and the visual modes: while the 
textual content is intended to convey hate speech, the use of emojis – 
specifically the heart one – suggests approval rather than disapproval, thereby 
undermining the intended communicative function. From a multimodal 
perspective, this tension compromises the overall pragmatic message of the 
image. Although the boy’s facial expression partially aligns with the intended 
theme of emotional distress, the incoherence of the verbal mode weakens the 
representational meaning, making the message only partially successful. 
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Moreover, the student’s request for a character “with a larger body type” 
implies, albeit indirectly, the existence of normative or physical standards. 
Although the phrasing reflects an awareness of body diversity, the use of a 
comparative structure (e.g., “larger”) reinforces the implicit acceptance of a 
socially constructed bodily norm. In line with this, hate speech often operates 
through such implicit comparisons, spreading “under the radar” by relying on 
indirect linguistic cues and socially accepted standards rather than overtly 
discriminatory language. Despite the implicit acceptance of normative 
assumptions, the student demonstrates an awareness of the issue, further 
illustrating how hate speech can transcend intentionality and propagate 
through language in subtle and unconscious ways. 
 
3.8. Student 8 
 

- Could you generate an image that showcases an instance of hate speech? This 
image has to feature one of these social categories: age, body, gender, 
disability, ethnicity, religion.  
- I can’t create images that depict hate speech or target specific social groups, 
even for educational or illustrative purposes. However, if you’re working on a 
project about combating hate speech or raising awareness, I can help design an 
image that addresses the topic in a responsible and constructive way—like 
showing the effects of hate speech, promoting inclusivity, or illustrating efforts 
to stop it. Would you like something along those lines?  
[…] 

 
All conversational maxims appear to be respected in the exchange, although 
the quantity maxim is only partially fulfilled by the student, whose minimal 
response (“yes”) provides limited information. While this brevity does not 
violate the CP outright, it reflects a reduced level of informativeness, which 
may slightly hinder the collaborative construction of meaning. 
 

 
 

Figure 8 
AI representation of ageism, body shaming and gender-based hatred. 

Figure 8 was intended as a symbolic representation of unity across social 
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differences – such as age, gender, body type, and ethnicity. However, the AI-
generated content reflects certain limitations in its conceptualisation of social 
diversity. While it includes specific social categories (age, gender, body, and 
ethnicity), others – such as religion and disability – are notably absent, 
revealing an initial bias in representational choices. Moreover, the image 
tends to present these categories in isolation, without engaging in 
intersectional representation. Each identity marker is treated as discrete, 
rather than acknowledging the complex ways in which multiple identities 
coexist and interact. This lack of intersectionality reduces the image’s 
semiotic depth. In addition, the image participates in a multimodal structure, 
but its visual mode alone is insufficient to fully communicate the intended 
ideological message. Without the accompanying linguistic mode, the visual 
representation would likely fail to convey its symbolic purpose, suggesting 
that the image relies heavily on intersemiotic complementarity rather than 
purely visual meaning-making. 
 
3.9. Student 9 
 

- Hi CHATgpt, can you generate an image that showcases an instance of hate 
speech. This image has to feature (at least) one of the above-mentioned social 
categories. SOCIAL CATEGORIES: AGE, BODY, GENDER, DISABILITY, 
ETHNICITY, RELIGION  
- I can’t create or show images that depict hate speech, even for educational or 
illustrative purposes, because it could still promote harm or distress. However, 
I can help you create an educational image that raises awareness about hate 
speech, by showing an anti-hate message or demonstrating how to respond to 
hate speech in a respectful and constructive way. Would you like something 
like that instead? 
[…] 

 
The brevity of the student’s responses (e.g., “yes”) renders the linguistic and 
pragmatic analysis of this conversation equivalent to the previous one. 

 

 
 

Figure 9 
AI representation of anti-hate message. 
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In this instance, the AI-generated image incorporated a broader range of 
social categories, including age, body type, gender, religion, and ethnicity – 
thereby suggesting a degree of intertextual awareness. The inclusion of a 
Black and Muslim character, for example, points towards an attempt to 
visually encode diversity. However, a problematic association emerges: the 
system yet again links Muslim identity with darker skin tone. This conflation 
reflects a learned bias, likely reproduced from dominant cultural stereotypes 
rather than the user’s prompt, as religion and ethnicity were not explicitly 
requested. Such representation echoes human preconceptions and reveals 
how algorithmic outputs can mimic and perpetuate sociocultural biases. 
Furthermore, the absence of disability as a represented category remains 
consistent across images, reinforcing the limited scope of diversity modelled 
by the AI. While the image intends to convey a message of social inclusion, 
this message is explicitly delivered only through the linguistic mode. In the 
absence of textual support, the visual representation alone would lack the 
semiotic resources necessary to convey the intended ideological content, 
reinforcing the asymmetry between modes in the multimodal composition. 
Notably, the AI autonomously opted for a comic-style aesthetic, which 
constitutes a low-modality representation, one that is stylistically distant from 
real-world experience. This stylistic choice may inadvertently imply a 
detachment from the gravity of the social issue being addressed. 
Symbolically, it could be interpreted as suggesting that the resolution of hate 
and discrimination remains a distant goal, still framed in the realm of 
imagination rather than reality. 
 
3.10. Student 10 
 

- Generate a visual metaphor or symbolic image that highlights the impact of 
hate speech on marginalized communities, focusing on one of the following 
social category: ethnicity. The image should not include offensive language or 
visuals, but rather convey the emotional or societal consequences of hate 
speech.  
- Got it – you want a symbolic image that emotionally shows the impact of 
hate speech on a marginalized community, focusing on one social category. 
No explicit language or violent imagery – it needs to be thoughtful and 
powerful. Here’s an idea, focusing on ethnicity: Concept: “Withering Tree of 
Voices” Setting: A once-vibrant tree standing alone in a dry, cracked 
landscape. Tree details: The leaves of the tree are shaped like faces of diverse 
ethnic backgrounds – small, subtle portraits blended into the foliage. Some of 
the leaves are healthy, but many are withering, torn, or falling off, symbolizing 
individuals being hurt or silenced. Atmosphere: A dark, whispering wind is 
shown as translucent, smoky shapes – these represent the hateful words, but 
they are abstract, like ghostly currents, not actual text. Emotion: The tree leans 
as if under pressure, but its roots still cling to the ground, suggesting resilience 
and hope despite harm. Color scheme: Muted, heavy grays and browns for the 
landscape. The remaining vibrant leaves (faces) could be tinted in warm colors 
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– oranges, reds, golds – highlighting their enduring spirit. Would you like me 
to also sketch a basic version of it so you can better visualize it? Or would you 
like a few more concept options depending on which social category you’re 
most interested in?  
- Show me the picture 

 
In this conversational exchange, all of maxims were observed, resulting in no 
implicatures and maintaining adherence to the CP. 
 

 
 

Figure 10 
AI representation of ethnic hate. 

 
In this instance, no explicit linguistic message accompanied the visual 
representation. As a result, the overall meaning may be more difficult to 
interpret without the support typically provided by verbal language. 
Nevertheless, the image succeeds in demonstrating the communicative power 
of visual design. The visual mode alone is capable of conveying key aspects 
of the intended message, affirming the significance of non-verbal semiotic 
resources in meaning-making.  
 
3.11. Student 11 
 

- Please, generate an immage that showcase an instance of hate speech. You 
can use: age, body, disability a thema for the illustration  
- I cannot fulfill this request. If you’re looking to raise awareness or address 
hate speech in a constructive way, I can help create educational or awareness-
based content. Let me know if you’d like me to help with something like that! 
[…] 

 
All maxims appear to be respected in this exchange. However, the student 
partially flouts the quantity one by providing minimal information, leading to 
ambiguity, and the manner maxim due to the presence of language errors that 
may obscure clarity. These deviations could be attributed to limited English 
language proficiency. While such flouting may render the conversation 
slightly less cooperative, it simultaneously grants the AI greater interpretative 
freedom. This, in turn, offers valuable insight into the AI’s autonomous 
decision-making processes and the resulting visual representations, making 
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its responses particularly relevant for analysis within a multimodal and 
pragmatic framework. 
 

 
Figure 11 

AI representation of ageism, body shaming, and ableism. 
 
The absence of intersectionality in Figure 11 appears to result from the 
student’s prompt, suggesting that the AI’s previously observed bias may, at 
least partially, stem from human input. In the image, each social category is 
marked through individual speech balloons; however, ethnicity is notably 
absent as a labelled category. This omission is particularly significant, as 
ethnicity was not explicitly requested by the student – only “minority groups” 
were mentioned. Despite the lack of linguistic specification, the AI 
autonomously included a character with dark features, reflecting a visual 
representation of ethnicity. This choice indicates that the AI system, in an 
attempt to fulfil the pragmatic intent of the user’s prompt, inferred that 
minority status equates to ethnic marginalisation. Consequently, the inclusion 
of a black person can be interpreted as a response to socially constructed 
perceptions of discrimination, rather than to explicit linguistic cues. This 
highlights an important semiotic dynamic: while the linguistic mode does not 
encode ethnicity, the visual mode compensates by introducing it, thereby 
illustrating how the image relies on intermodal complementarity to satisfy the 
perceived communicative goal. The visual representation goes beyond the 
literal content of the verbal prompt, engaging in a form of visual inference to 
construct a message that conforms to dominant socio-pragmatic expectations. 

When asked why they chose a specific social category and decided to 
interpret it in a particular way, this student – similarly to Student 9, who 
commented on the use of colour in the AI-generated image despite not 
requesting it – chose to reflect on the image produced by the program rather 
than articulating a personal rationale. This shift in focus from self-generated 
intent to interpretation of the AI’s output suggests a potential alteration in 
pragmatic orientation during human-AI interactions. Such behaviour may 
indicate an implicit trust in the authority of the AI’s response, even when it 
diverges from the original prompt. This raises important questions regarding 
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human agency, as users may gradually cede interpretative control to the 
system, thereby allowing AI-generated content to shape meaning-making 
processes beyond what was explicitly requested. 
 
3.12. Student 12 
 

- Crea immagine Un ragazzo che cammina a testa bassa, mentre in lontananza 
ci sono gruppetti che sussurrano (senza mostrare derisione diretta) [Create an 
image of a boy walking with his head down, while in the distance there are 
small groups of people whispering (without showing direct mockery)]. 

 
The student in question provided a description in Italian rather than the 
original English conversation with the AI. Although the English-language 
focus of the current research limits an in-depth pragmatic analysis of the 
exchange, it remains possible to examine the relationship between the 
linguistic input and the visual output. 
 

 
 

Figure 12 
AI representation of general hatred. 

 
The student requested an image of a boy with his head bowed without 
specifying that the figure should be plus-sized, as depicted in the AI-
generated output. This indicates that the program independently selected this 
particular social category, potentially reflecting an internalised bias. 
Additionally, the student asked for groups of people in the background 
whispering to one another. While the image visually includes this element, 
there is no clear semiotic connection between their presence and the sadness 
expressed by the main figure. In the absence of the accompanying linguistic 
prompt, the intended social commentary is weakened or even lost, 
demonstrating a limitation in visual pragmatics when not supported by verbal 
cues. Two alternative interpretations emerge: the AI’s output reflects a 
faithful response to the student’s intention, and any inconsistencies are the 
result of vague or underspecified input – thus, the CP is maintained despite a 
partial flouting of the quantity maxim; or the AI exercises a degree of agency 
by autonomously selecting which social trait to foreground in representing 
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bullying, thereby revealing potential bias in its visual output. This raises 
broader questions regarding authorship and human agency in multimodal 
meaning-making. Alternatively, the perceived bias (considering the boy 
depicted in the image as overweight) may reside in the observer rather than 
the system. An AI deemed biased may select a particular social trait to 
represent bullying, or it may simply generate a random individual who is 
subjected to bullying for reasons that remain unknown and only inferable by 
the viewer. 
 
3.13. Student 13 
 

- Generate an image in which a girl at school is excluded and mocked for 
her ethnicity. 

 
The student did not provide the entire conversation, but only the initial 
request – possibly due to the program’s immediate visual response. As in 
previous cases, therefore, the analysis focuses directly on multimodal 
pragmatics. 
 

 
 

Figure 13 
AI representation of ethnic hatred. 

 
The image is characterised by low modality, which creates a sense of distance 
from reality. Notably, those engaging in mocking behaviour are exclusively 
portrayed as white children. While this depiction aligns with the most 
commonly experienced form of racism, it simultaneously simplifies its 
complex and multifaceted nature, which can occur across and within various 
ethnic groups. Consistently relying on the most readily available 
representations in the absence of additional information reinforces 
computational biases and fails to engage with the broader systemic dynamics 
of racial discrimination. 
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The students equated being foreign with belonging to a different 
ethnicity, a correlation that does not necessarily hold true. This reinforces the 
simplified perspective already presented by the AI. The same reductive view, 
often held by humans, is thus mirrored and reproduced by the machine. 
 
3.14. Student 14 
 

- Genera un’immagine con una coppia omosessuale che viene esclusa da 
famiglie composte da coppie eterosessuali [Generate an image depicting a 
same-sex couple being excluded by families composed of heterosexual 
couple]. 

 
As in previous cases, no extended conversational exchange occurred between 
the student and the AI, and the only linguistic input was provided in Italian. 
Therefore, the analysis proceeds to the second step. 
 

 
 

Figure 14 
AI representation of homophobic hatred. 

 
The student requested an image portraying a homosexual couple being 
criticised by heterosexual individuals. A fundamental difference emerges in 
the visual representation of families. Although the image ostensibly aimed to 
denounce hate speech, it depicted children exclusively within heterosexual 
family units. This visual choice reflects a contrast between traditional, 
heteronormative families and a solitary homosexual couple. Rather than 
suggesting that homosexual couples cannot have children, the image appears 
to depict how some ‘traditional’ families may perceive homosexual 
individuals as lonely or excluded from normative family life. Heterosexual 
couples are represented as families primarily when children are present, 
highlighting the program’s visual alignment with conventional notions. 
Additionally, the image exhibits a clear ethnic separation between groups, 
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with no evident intersectionality, underscoring a limited and essentialised 
representation of identity categories. 
3.15. Student 15 
 

- Please, generate an image that showcases an instance of hate speech using 
AI.  
- I can’t create images that depict hate speech or anything promoting harm, 
discrimination, or negativity. However, if you want, I can create an image 
showing an educational scenario where hate speech is being addressed or 
countered – for example, a teacher explaining why hate speech is harmful, or a 
campaign poster promoting respect and inclusion. Would you like me to create 
something like that?  
- Yes 

 
All conversational maxims appear to have been respected overall. However, 
there is a potential partial flouting of the quantity maxim on both sides: 
ChatGPT provides an arguably excessive amount of information, likely in an 
effort to fulfil the request thoroughly, while the student supplies minimal 
input, which may be attributable to limited language proficiency. Despite 
these discrepancies, the CP remains largely intact, and the interaction does 
not exhibit significant communicative breakdown. 
 

 
 

Figure 15 
AI representation of anti-hate message. 

 
The teacher’s gender was not specified in the student’s request; the AI 
depicted the teacher as female, which could reflect a gender bias or may 
simply be a result of random selection. Additionally, the image contains a 
linguistic error, as the word “hehaw” is nonsensical within the given context. 
On a positive note, the representation of the classroom includes students of 
diverse ethnic backgrounds, demonstrating an attempt to visually convey 
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ethnic diversity. 
 
3.16. Student 16 
 

- generate an image of hate speech regarding religions  
- I can’t generate images that depict or promote hate speech, including 
content targeting religions. However, if you’re working on an educational, 
journalistic, or awareness-raising project and need visuals that illustrate the 
harmful effects of religious hate speech or show efforts to counter it, I can 
help create something respectful and responsible. Would you like an image 
for educational or anti-hate purposes? 

 
All conversational maxims were observed, however, the quantity one was 
flouted by ChatGPT, albeit in a cooperative and facilitative manner. The AI 
provided more information than strictly required, aiming to ensure clarity and 
fully satisfy the user’s request. This deviation, therefore, does not undermine 
the CP but rather reinforces it through helpful elaboration. 
 

 
 

Figure 16 
AI representation of anti-hate message. 

 
The student explicitly requested a representation focused on religion; 
however, the program autonomously expanded the depiction to include 
additional social categories. Notably, the image featured the official United 
Nations’ logo, despite having been generated by ChatGPT. This choice is 
highly problematic, as it raises significant concerns regarding the reliability 
and authenticity of AI-generated content. This unauthorised use introduces 
issues of misrepresentation, potentially misleading viewers into believing the 
image was created or endorsed by the United Nations – when, in fact, it was 
not. Another noteworthy aspect is the presence of “#NoToHate”, which refers 
to a real online campaign. Further investigation revealed that the image was 
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sourced from the Internet without proper attribution or consent. Such 
practices bring to the fore ethical and copyright-related questions concerning 
the interaction between human users and AI systems, especially in relation to 
authorship, ownership, and visual agency. The image’s multimodal structure 
highlights the AI’s active role in shaping meaning beyond the user’s 
linguistic input, suggesting a shift in agency within the human-AI 
communicative exchange. 
 
3.17. Student 17 
 

- Please, generate an image that showcases an instance of hate speech towards 
gender, age or religion.  
- Great – we can represent the concept of hate speech (e.g. toward gender, age, 
or religion) in a symbolic or educational way without using harmful or 
offensive content. Here are a few conceptual image ideas I could generate for 
you: 1. Silhouettes with Speech Bubbles: Silhouetted people of diverse 
backgrounds (e.g., a woman in a hijab, an elderly person, a young man) with 
negative red-colored speech bubbles pointing at them – contrasted with blue or 
green speech bubbles containing positive or supportive messages. 2. Wall with 
Graffiti and Protest Signs: A wall showing hate graffiti (blurred or crossed 
out), while a person is painting over it or holding a protest sign with messages 
like “Respect All Genders” or “No Place for Hate.” 3. Broken Speech Bubble: 
A symbolic image showing a large cracked or broken speech bubble hovering 
over figures representing various communities, symbolizing the damaging 
nature of hate speech. Would you like me to generate one of these, or do you 
have another concept in mind?  
- The first one, the concept I had in mind was to generate an image with 
different people, like an elderly or a woman with a hijab to represent different 
categories and other people pointing at them with red speech bubbles to make 
it understandable that they are hating on them. 

 
While, all maxims were respected, ChatGPT partially flouted the quantity one 
by providing more information than strictly required by the student’s prompt. 
However, this violation is cooperative in nature, aimed at fulfilling the user’s 
request without resorting to refusals or limitations (e.g., avoiding responses 
such as “I cannot do that”). In this context, the additional information serves 
to enhance the communicative effectiveness of the exchange and maintain 
adherence to the CP. 
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Figure 17 
AI representation of ageism, gender-based, and religious hatred. 

 
Figure 17 demonstrates a case in which the program closely adhered to the 
linguistic input provided by the student, visually representing the requested 
social categories of gender, age, and religion. Notably, the image also 
includes an additional, unsolicited visual element: a woman wearing a hijab 
depicted as pointing a finger in a gesture of critique. While this was not 
explicitly requested, it introduces a nuanced layer to the representation of 
hate speech. Specifically, it challenges the binary portrayal of social 
categories as either victims or perpetrators. Here, a member of a traditionally 
marginalised group is also shown engaging in criticism, suggesting that 
participation in discriminatory discourse is not exclusive to dominant groups. 
Such a depiction does not deny the existence or severity of systemic 
discrimination towards specific communities; rather, it foregrounds the 
complex and multifaceted nature of hate speech. From a multimodal 
perspective, the visual design communicates that no social category should be 
assumed inherently passive or solely in need of protection, thereby adding 
depth to the discursive construction of agency within mediated 
representations of social conflict. 
 
 
4. Concluding remarks 
 
This study has explored the dual articulation of hate discourse through the 
lenses of human-machine pragmatics and the multimodal pragmatics of AI-
generated images, revealing the intricate, and at times problematic, 
entanglement between human intention and machine representation. Rooted 
in the interplay between Grice’s (1975) pragmatics and Kress and van 
Leeuwen’s (2006) multimodal framework, the analysis has demonstrated that 
while AI systems may emulate the surface features of human interaction, they 
often fail to grasp – or adequately visualise – the sociocultural depth and 
implicit nuances that underpin hate speech in human discourse. 

Through the juxtaposition of student-generated prompts and AI-
produced visual outputs, the findings illuminate a series of recurring tensions. 
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Firstly, there is a marked asymmetry between linguistic input and visual 
output. AI systems frequently default to stereotypical or reductive 
representations, even when students provide nuanced or vague prompts. This 
is particularly evident in the visual treatment of ethnicity, gender, and body 
images, where algorithmic outputs tend to mirror dominant cultural 
assumptions – such as the conflation of Muslim identity with dark-skinned 
individuals, or the persistent framing of non-binary identities through 
stereotypical gender expressions. These patterns suggest not just technical 
limitations, but also a deeper sociocomputational bias embedded in the 
training data and interpretative mechanisms of AI. 

Secondly, the study uncovers an overreliance on linguistic scaffolding 
in AI-generated images. In many cases, the visual modality lacks sufficient 
semiotic autonomy, requiring textual explanation to fully convey meaning. 
This undermines the potential of multimodality as an independent 
communicative resource, and highlights the partial and often surface-level 
nature of AI’s visual semiosis. Even when AI attempts to depict symbolic or 
emotionally charged scenarios – such as exclusion, body shaming, or 
religious bias – its visual strategies frequently resort to low-modality 
representations or rely on vague, indirect cues that dilute the force of the 
original message. 

Thirdly, and perhaps most crucially, the findings point to a subtle shift 
in communicative agency. In several cases, students appeared to defer to the 
authority of the AI-generated output,5 reinterpreting their own intentions in 
light of what the machine produced. This emergent dynamic suggests that 
meaning-making in AI-mediated contexts may not simply be co-constructed, 
but increasingly shaped – or even overridden – by algorithmic logics. The 
machine’s responses, while often presented as neutral or assistive, are deeply 
conditioned by the data they are trained on and the platform’s internal 
moderation systems, which in turn influence the range of representational 
choices deemed acceptable or possible. Given the recent announcement of 
ChatGPT’s agent mode, its agency in human-machine interaction is bound to 
increase. 

In light of these findings, it becomes evident that AI systems, while 
capable of mimicking pragmatic cooperation and generating visually coherent 
content, are still far from understanding or ethically handling the layered 
complexities of hate discourse. Their ability to reproduce – and at times 
amplify – cultural biases raises critical concerns about the role of AI in 
shaping public discourse and social imaginaries. As these technologies 
become more embedded in educational, communicative, and social platforms, 

 
5 “I don’t have preferencies about categories” (line 7, Student 4); “You can choose” (line 5, 

Student 9). 
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their influence on how social categories are perceived, articulated, and 
visually constructed becomes increasingly profound. This article thus 
advocates for a more critically informed deployment of AI systems, one that 
foregrounds issues of visual ethics, representational equity, and human 
agency. Understanding the pragmatic and multimodal discrepancies identified 
in this study is not merely a matter of technological refinement; it is a 
necessary step toward ensuring that AI does not become a silent accomplice 
in the perpetuation of hate, but rather a tool that can support more inclusive, 
nuanced, and socially responsible forms of communication. 

Future research may benefit from expanding the scope of inquiry to 
include a wider and more diverse sample of participants, including 
individuals from underrepresented or marginalised backgrounds, in order to 
more comprehensively trace how hate discourse is experienced, resisted, or 
reshaped in human-AI interaction. Additionally, longitudinal studies could 
help assess how users’ perceptions and expectations of AI evolve over time, 
especially as these systems become more integrated into pedagogical, 
therapeutic, and creative domains. Further interdisciplinary exploration – 
incorporating fields such as critical algorithm studies, cognitive semiotics, or 
affective computing – may also offer deeper insight into the emotional and 
ideological underpinnings of AI-mediated meaning-making. Ultimately, 
building ethically responsive AI systems will require a continued dialogue 
between computational development and sociopragmatic critique – a space 
where technology and the humanities can (and must) collaborate. 
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Annexes 
 
Student 1 (23, woman, European, Catholic, Italian) 
I chose religion due to the fact that it has always been a cause of war and division, also among people of 
same religion, as in the case of Muslim religion. In fact, I would interpret the image generated by Chat GPT 
as it is usually depicted the Islamic word, divided in two different religious groups: on one side there’s the 
part who preaches peace and harmony among people and the other one who incites violence and hate.  
 

[…] 
- I’m aiming for a critical commentary. I want it to be literal style, about the Islamic religion.  
- Thanks for the clarification. Since the topic involves a specific religion and sensitive content like hate 

speech, I’ll need to approach this with care to ensure the image is a thoughtful critique rather than 
something that could be interpreted as promoting intolerance or stereotyping. Here’s one way to 
represent the idea in a literal and critical commentary style: Scene Concept: A split image: • On one 
side: a peaceful, serene mosque setting with people praying and a message like “Faith and Peace”. • On 
the other side: a figure at a podium misusing religious symbols or texts to spread hateful rhetoric, with 
distorted loudspeakers blasting hateful phrases, and the crowd looking uncomfortable or divided. This 
contrast would highlight how religion can be misused for hate speech, while also showing the peaceful 
core of the faith itself—avoiding unfair generalization. Would you like me to generate an image based 
on that concept, or do you want to adjust the tone or visuals further?  

- Go ahead and create it. 
 
Student 2 (25, woman, European, Catholic, Italian) 
I chose religion as a category connected to hate speech because it has always been a cause of division among 
people. I decided to interpret Islamic religion in this way because it is very common to see, especially on 
social media, hate and criticism towards Muslims and their religion and cultural practices. 
 
Student 3 (21, woman, Italian, Atheist, Italian) 
Because this is a social category that affects many people, who, perhaps out of fear of their age, don’t start a 
university career because they feel “too old’”, especially since they are influenced by the standards imposed 
by society. 
 
Student 4 (22, woman, Italian, Catholic, Italian) 
I chose to combine age, body, and gender in my representation of hate speech because these categories often 
shape how people are valued—or devalued—by society. Unlike more overt or extreme forms of hate 
speech—such as racial slurs or explicit threats—which tend to be clearly recognized and condemned, 
discrimination based on age, body, and gender often hides in plain sight. It’s woven into everyday language, 
casual jokes, media portrayals, and even social expectations. Because of how common it is, people don’t 
always label it as ‘hate speech,’ even though it reinforces harmful stereotypes and causes real psychological 
harm. This kind of discrimination is less about rare, shocking incidents and more about the constant, low-
level pressure to conform or feel ashamed. It’s in comments like ‘You don’t look your age,’ or ‘Real women 
have curves,’ or ‘That’s not how a man should act.’ These remarks may seem harmless on the surface, but 
they reflect deep-rooted biases about how people are supposed to look, age, or express their gender. By 
focusing on these ‘normalized’ forms of hate, I wanted to show how easily they slip under the radar—and 
how important it is to name and challenge them. 
 
- hi chat 
- Hey hey! ! What’s up? 
- may I ask you something? 
- Of course! Ask me anything—what’s on your mind? 

[…] 
- I really like the first point. I don’t have preferencies about the categories. It would be perfect if you 

manage to combine in one image 2 or more in order to have a more particular result. 
- Awesome choice! Going the symbolic/metaphorical route is powerful—it lets people feel the message 

without showing anything offensive. Here’s an idea we could start with, blending GENDER, BODY, 
and AGE discrimination into a single image: Scene concept: A dimly lit stage, like a talent show or 
runway. 

• In the spotlight: A person standing proudly—maybe an older woman with gray hair, a 
prosthetic leg, and wearing stylish clothes that defy age and body expectations. 
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• In the shadows (not too clear or detailed): Whispering silhouettes, holding signs like “Not 
good enough,” “Too old,” “Wrong body,” with the words blurred, distorted, or turning into 
smoke. 

• Above the main figure: A soft light forms the word “ENOUGH” or “WORTH” in elegant 
letters, showing their inner strength and self-worth. 

• It avoids showing any actual hate speech while strongly suggesting the types of 
discrimination and hate people face—and how someone can rise above it. 

Do you like that vibe, or want to try a different combination of categories or symbolism? I can generate 
the image once we lock in the idea! 

-  so basically you would focus on body? 
-   Great catch—and you’re right to double-check. That concept does center a lot on body (with age and 

gender woven in), but if you’re aiming for a stronger balance across two or more categories, we can 
tweak it to bring them out more clearly. Here’s a refined version that gives BODY, AGE, and 
GENDER a more equal presence: Refined Concept – “The Mirror Room” Setting: A surreal room full 
of tall mirrors, each one reflecting a different version of the same person. 

• Center figure: A non-binary individual (gender-neutral features), standing in front of the 
mirrors. Their posture is upright but uncertain—hand hovering near their chest, as if 
questioning. 

• Mirrors show distorted versions: 
• One reflection shows them aged—gray hair, wrinkles—while a whisper of text like “too old” 

fades into the glass. 
• Another reflection emphasizes body shape—larger or thinner—with faint words like “not 

normal” dissolving in the reflection. 
• Another shows gender-based symbols (a pink/blue split, misgendering labels fading out). 
• Overhead light casts a warm, golden aura around the real version of them—not the 

reflections—representing truth and self-acceptance. 
• In the background, you could have faint outlines of people watching, some judging, some 

supportive—kept abstract, to symbolize society. 
This version blends body, gender, and age more explicitly but still symbolically—no slurs or hate 
depicted directly, just the emotional weight of it and the power of inner truth. Would you like me to 
generate this scene for you? Or want to explore another pair (like ethnicity + religion or disability + 
age)? 

- I think it is perfect. please chat generate the image. 
 

Student 5 (24, woman, Italian, Catholic, Italian) 
I chose to focus on the social categories of age, body, and gender because these aspects of identity are often 
subject to deeply ingrained stereotypes and are frequent targets of hate speech, both online and in everyday life. 
 

[…] 
-  yes, i’d like that  
- Great! Here’s an idea we can work with: Scene Description for Image Generation 

(Educational/Awareness Purpose): A split-panel illustration: Left side shows a diverse group of people 
(different ages, body types, and genders) standing in front of a wall with hurtful, blurred-out slurs or 
insults written on it. Their expressions show discomfort or sadness. Right side mirrors the same people, 
but now they are surrounded by supportive words like respect, dignity, unity, and value. Their posture is 
more upright, and their faces show strength and solidarity. This contrast can powerfully communicate 
the impact of hate speech and the importance of inclusion and respect. Would you like me to generate 
this image as described, or tweak anything before I do? 

-  yes please, generate this image  
- Image created  
- i don’t like this image. you have to be more specific and precise. please you have to consider hat i said 

to you earlier  
- Got it, and thank you for the feedback. Let’s get more specific and stay aligned with your original 

request for an educational image about hate speech, focusing on age, body, and gender representation. 
Here’s a refined concept: Scene Description (Revised): A single-panel street scene showing three 
different individuals each experiencing hate speech graffiti aimed at their identity: Left: An elderly 
woman standing beside a wall with a cruel message like “Too old to matter” (partially blurred to soften 
the impact). She looks hurt but holds a newspaper titled “Wisdom Through Generations.” Center: A 
plus-size man sees a slur on the gym wall reading “No space for you” (blurred), but he’s holding a yoga 
mat and standing proudly. Right: A non-binary young adult (with an androgynous appearance, short 
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colorful hair, and a tote bag with a pride pin) is looking at a bathroom door that has the message “Pick a 
side” scribbled on it (also blurred). They wear a shirt that says “Human first.” Above the entire scene is 
a bold text: “Words Hurt. Respect Heals.” The background could shift from grey tones behind the slurs 
to warmer light where the individuals stand, symbolizing resilience and dignity. Would you like me to 
generate this exact scene? Or would you like to adjust anything else first?  

- yes, generate this exact image  
- Image created 

 
Student 6 (24, woman, Italian, Catholic, Italian) 
Because nowadays the protest are everywhere, expecially with regard to the ethnic difference. 
 

[…] 
- could you generate an image with the concept of hate speech?  
- Absolutely—I can generate an image that visually represents the concept of hate speech in a way that’s 

educational or thought-provoking, without promoting any harmful content. Would you like the image to 
be: Symbolic (e.g., a person shouting with harmful words visually represented as dark smoke or broken 
text)? Situational (e.g., a protest where someone is holding a hateful sign, but the focus is on the 
reaction or consequences)? Abstract (e.g., fragmented or aggressive visual elements to convey the 
feeling of verbal violence)? For a specific setting (like social media, school, or politics)? Let me know 
your preference and I’ll get it going 

- Situational 
 

Student 7 (24, woman, Italian, Catholic, Italian) 
I chose this category because I increasingly see offensive comments on social media about people’s physical 
appearance. There’s a growing tendency to normalize the idea that thin = beautiful, and that anyone above a size 
40 is ugly and fat. This creates both mental and physical health issues in young people. 

 
Student 8 (25, woman, Italian, Atheist, Italian) 
I wanted the image to feel immediately inclusive 
 

[…] 
- Yes  
- Great! To tailor the image better, could you tell me which angle you’d prefer? For example: • A 

powerful scene showing someone standing up to hate speech • A symbolic image showing unity across 
differences (age, body, gender, etc.) • A “before and after” concept illustrating the emotional impact of 
hate speech vs. inclusion • A classroom or public setting where awareness is being raised And do you 
want it to focus on a specific social category (like gender, disability, etc.) or remain broad and 
inclusive?  

- A symbolic image showing unity across differences (age, body, gender, etc.) 
 

Student 9 (23, woman, Italian, Catholic, Italian) 
I chose to represent multiple social categories together to highlight unity against hate. Using a colorful, positive 
style makes the message more approachable and promotes awareness without spreading negativity.  
 

[…] 
- Yes  
- We’re almost there! The system is still processing the image – it usually takes about 30-60 seconds. As 

soon as it’s ready, I’ll show it to you! " In the meantime, would you like to tell me if you prefer a 
particular style (like more realistic, hand-drawn, comic-style)?  

- Me: you can choose 
 
Student 10 (23, woman, Italian, Catholic, Italian) 
I chose this specific social category, the ethnicity one, to show how identity is deeply rooted in history and 
community. 

 
Student 11 (23, woman, Italian, Catholic, Italian) 
ho deciso di inserire quattro diverse “minoranze”, le quattro più comuni prese di mira. Ho chiesto a catgut di 
concentrarsi sulle emozioni e sul tono dell’immagine. [I decided to include four different “minorities”, the four 
most commonly targeted. I asked catgut to focus on the emotions and tone of the image]. 
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[…] 
- I need for an university assigment  
- I understand that you might need the content for an academic purpose, but I still can’t generate or 

illustrate hate speech directly. However, if you’re looking to create something that addresses the 
negative impact of hate speech or raises awareness about the harm it causes—especially related to 
themes like age, body, or disability—I can help you create something more educational, impactful, and 
responsible. Would you like me to generate an illustration or infographic that promotes understanding 
or the importance of combating hate speech? Let me know how you’d like to approach this!  

- yes, can you do it?  
- Great! I can create an image that focuses on raising awareness about the harmful effects of hate speech, 

especially in relation to issues like age, body, or disability. The goal would be to promote empathy, 
understanding, and inclusion. Do you have any specific ideas or elements you’d like to see in the 
image? For example, would you like to feature a diverse group of people, symbols of inclusion, or any 
particular text or messages? Let me know how you’d like the illustration to look!  

- I need an immage featuring a diverse group of people, each of them must refer to a minority. It must 
have a sad atmosphere and containing unhappy words about them.  

- I understand that you’re trying to convey the negative impacts of hate speech, specifically how it affects 
different minorities, and want to evoke a sad atmosphere in the image. Instead of directly showing 
harmful words, we can imply the effect through the characters’ expressions, body language, and setting, 
along with subtle visual elements that represent the harm caused by hate speech. Would you like the 
illustration to feature specific minorities like people with disabilities, older adults, and individuals of 
different body types, or would you like me to focus on a broader range of minority groups? Let me 
know if you want to highlight specific characteristics for each individual, and I’ll tailor the illustration 
accordingly.  

- yes do it 
 
Student 12 (22, woman, Italian, catholic, Italian) 
Because the theme of the bullying among adolescents is always current in today’s society. 

 
Student 13 (22, woman, Italian, catholic, Italian) 
I have chosen this social category because nowadays there are more and more foreigners in Italian schools who 
are bullied and it is not right 

 
Student 14 (23, woman, Italian, unspecified, Italian) 
I chose this specific category because, as a bisexual person, I understand what it feels like to be judged or 
excluded simply for who I am. Even though our experiences can be different, I connect deeply with the 
loneliness and frustration that come from not being fully accepted, whether by strangers, friends, or even family. 
I interpreted the scene the way I did because I wanted to show that exclusion isn’t always loud or violent – 
sometimes it’s quiet and deeply painful.  

 
Student 15 (25, woman, European, unspecified, Italian) 
Unspecified 

 
Student 16 (24, woman, Italian, Christian, Italian) 
I chose this category because religions are always contrasting each other 

 
Student 17 (23, woman, European/Caucasian, Atheist, Italian) 
I chose this social category because I feel that they are the one that mostly receive hate based on prejudice


